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Summary. Tourism competitiveness and destination attractiveness are central to how countries po-
sition themselves in the global travel market, yet research on both has grown quickly and unevenly.
This article reviews 109 Scopus-indexed documents published between 2003 and 2026, combining a
quantitative profile of the literature with a thematic synthesis. The corpus expands sharply after 2015
and is markedly unbalanced: measurement and frameworks (33.0 per cent) and determinants (32.1 per
cent) dominate, analytical methods account for 24.8 per cent, and demand-side perception research for
Keywords: tourism competi- only 10.1 per cent. The Travel and Tourism Competitiveness Index remains the default benchmark, but
tiveness, destination attrac- its equal weighting, data demands and uneven predictive validity have pushed the field toward alterna-
tiveness, systematic literature | tive and hybrid measures. No technique dominates: data envelopment analysis, TOPSIS, PLS path mod-
review, composite indicators, elling and game-theoretic weighting compensate for one another's weaknesses. Infrastructure, infor-
tourism performance mation and communication technology readiness and environmental quality are the most stable deter-
minants, with effects conditioned by income level. An illustration matching the 2024 Travel & Tourism
Development Index with UN Tourism data for twenty-one leading destinations finds moderate correla-
tion with arrivals (r = 0.59) but stronger correlation with receipts (r = 0.72): measured competitiveness
tracks the value of tourism more closely than its volume.

© 2026 Earth Science Division, Azerbaijan National Academy of Sciences. All rights reserved.

Introduction

Few sectors reveal a country's development choices as plainly as tourism: whether visitors arrive and
return depends on roads and airports, hotels and health services, digital networks, and the natural and cultural
assets that draw people. These ingredients are unevenly distributed and slow to change, so the useful question
is rarely how a destination performs in one year, but how it performs against its peers over time.

Two constructs organise this research. Competitiveness describes a destination's capacity to deliver value
that outperforms rivals without eroding the resource base supporting it (Dwyer & Kim, 2003; Enright & New-
ton, 2004); attractiveness describes the pull it exerts on prospective visitors, shaped by perceived resources,
image and the match between what a place offers and what segments want (Formica & Uysal, 2006). The space
between them, where destinations are attractive yet uncompetitive or competitive yet under-visited, has driven
much of the empirical work (Cracolici & Nijkamp, 2009), and panel designs expose what rankings conceal:
the drivers of competitiveness do not carry equal weight everywhere (Hanafiah & Ali, 2024; Magrini &
Grassini, 2019). Reviewing 109 Scopus-indexed documents published between 2003 and 2026, this article
asks how the field has grown, how the constructs are measured, which methods and determinants recur, and
whether measured competitiveness tracks realised performance.

2. Theoretical background

The conceptual scaffolding of the field was built in the early 2000s. The models of Ritchie and Crouch,
of Dwyer and Kim, and of Heath share a layered logic in which resources sit beneath supporting factors and
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management, which interact with demand conditions and the wider environment (Azzopardi & Nash, 2017).
Dwyer and Kim (2003) paired determinants with indicators that later work could operationalise, and Enright
and Newton (2004) pushed toward quantification through managers' ratings.

Attractiveness enters from the demand side. Formica and Uysal (2006) framed it as the relationship be-
tween what a destination supplies and what visitors seek, so a well-endowed place can still fail to attract if its
offer misaligns with market preferences. Cracolici and Nijkamp (2009) showed for southern Italy that the two
constructs, though correlated, respond to different levers, evident potential coexisting with weak rankings. The
distinction matters for measurement: indices built only on supply-side data capture one construct better than
the other, which is why several authors argue for frameworks keeping both in view (Mior Shariffuddin et al.,
2023).

3. Materials and methods

The article follows a systematic quantitative review design, quantifying the structure of a fast-growing
literature and synthesising work too heterogeneous for meta-analytic pooling (Mior Shariffuddin et al., 2023).
The literature was identified through Scopus, combining "tourism competitiveness" and "destination attrac-
tiveness" with "cross-country™, "panel”, "composite indicator” and "index", complemented by backward cita-
tion tracking. Documents were eligible if published in English between 2003 and 2026 and addressing the
measurement of the two constructs, comparative or panel methodology, or determinants in multi-country set-
tings; firm-level studies were excluded. The corpus comprises 109 documents, the earliest Dwyer and Kim
(2003), each coded to one primary theme by principal contribution: measurement and frameworks, analytical
methods, determinants, or demand-side perceptions.

A deliberately simple empirical illustration complements the synthesis. Competitiveness is proxied by the
overall score of the Travel & Tourism Development Index (TTDI) 2024, successor to the TTCI (World Eco-
nomic Forum, 2024), and performance by international arrivals and receipts in 2023 (UN Tourism, 2024). Of
the thirty top-ranked economies, comparable arrivals were unavailable for nine, leaving twenty-one that re-
ceived some 679 million arrivals, about half the world total. The methods are correlations and bivariate regres-
sions of log performance on the score; no causal claim is made.

4. Results

4.1. The Research landscape

The corpus documents a field that barely existed at the turn of the century and grew in two waves (Figure
1): a climb after 2015, with the diffusion of composite-indicator critique and of DEA- and PLS-based tech-
niques, and a surge from 2023, in post-pandemic recovery and the move from the TTCI to its successor. Almost
three quarters of it (73.4 per cent) appeared in 2016 or later. Publication is dispersed across 82 outlets, while
thematic attention is similarly uneven, with measurement, frameworks, and determinants dominating the cor-
pus and demand-side perception research declining to just one of the 44 publications produced during 2021—
2026 (Table 1).
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Fig. 1. Annual distribution of the reviewed documents, 2003-2026 (n = 109).
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Table 1
Thematic distribution of the reviewed documents (h = 109)
Primary theme Documents Share of corpus (%)
Measurement and frameworks 36 33.0
Determinants 35 32.1
Analytical methods 27 24.8
Demand-side perceptions 11 10.1
Total 109 100.0

Source: Authors' elaboration based on the reviewed corpus

4.2. Measuring competitiveness: The TTCI and its limitations

Measurement begins with the Travel and Tourism Competitiveness Index, which groups roughly ninety
variables into fourteen pillars spanning infrastructure, cultural and natural resources, information and commu-
nication technology (ICT) readiness, environmental sustainability, health, human resources and price (Mar-
tinez et al., 2019). Three criticisms recur. Aggregation: combining variables measured in different units, some
duplicating information, can distort the composite (Martinez et al., 2019). Weighting: pillars are treated as
equally important, yet rankings shift sharply under alternative schemes, most in the tiers where policy attention
concentrates (Gomez-Vega & Picazo-Tadeo, 2019). Predictive validity, the most damaging, is contested:
Hiyab et al. (2023) found the index's power over African arrivals weak and in places negative, and Hanafiah
and Zulkifly (2019) found the competitiveness-performance link more conditional than its design implies,
while Hanafiah and Ali (2024) showed that it tracks performance more reliably in low-income countries, where
basic conditions still bind, than in high-income ones, whose rankings are stable but loosely tied to outcomes.
None of this retires the index, but it explains why researchers treat it as a point of departure rather than a
verdict.

4.3. Alternative measurement and comparative methods

Alternatives have moved along two lines: reducing the data burden and improving weighting. Principal
component analysis builds composites from fewer variables while retaining most of the underlying variation,
which matters for the many countries where full index data are unavailable (Pérez Ledn et al., 2022); data
envelopment analysis (DEA) derives weights endogenously, scoring destinations against an efficiency frontier
rather than imposing weights from outside (Omrani et al., 2020); and multi-criteria and participatory schemes
make the weighting step explicit and more sensitive to context.

Each comparative instrument has a characteristic blind spot. DEA suits multiple inputs and outputs with
no agreed price for combining them, but with many indicators it loses discrimination and can leave relevant
dimensions unweighted (Gomez-Vega & Picazo-Tadeo, 2019), while TOPSIS, ranking destinations by dis-
tance from ideal and anti-ideal profiles, is intuitive but wholly dependent on externally supplied weights - a
complementarity explaining the appeal of hybrid DEA-TOPSIS designs (Lin et al., 2023). Partial least squares
path modelling is the workhorse for questions of structure and evolution, accommodating formative constructs,
small samples and multicollinearity (Magrini & Grassini, 2019), while game-theoretic weighting curbs the
zero-weight objection and systemic models locate leverage points for policy. No method dominates; the choice
should follow the research question and the data.

4.4. Determinants of competitiveness and attractiveness

A consistent set of determinants surfaces, though their relative weight shifts with income level. Infrastruc-
ture is the most reliable predictor: transport, accommodation and health services drive arrivals and repeat vis-
itation, and longitudinal analyses spanning a decade or more confirm that these effects persist rather than fade
(Magrini & Grassini, 2019), while core natural and cultural resources furnish the enduring appeal that infra-
structure then makes accessible. Digital readiness has moved from a peripheral concern to a central one,
strengthening competitiveness through information flow, reservation and payment systems and communica-
tion with visitors, but its gains are distributional: ICT amplifies the tourism-growth relationship only where
the enabling infrastructure and skills are present (Jayaraman & Makun, 2020).

Environmental factors simultaneously attract visitors and support long-term viability, with their effects on
tourism demand and competitiveness shaped by sustainability indicators, environmental regulation, green pol-
icies, governance quality, institutional and human-resource conditions, stakeholder cooperation (Enright &
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Newton, 2004), and transport-related environmental externalities associated with growing economic and trade
activity (Gachayev et al., 2026).

4.5. Demand-side dynamics

Travellers' perceptions convert competitive conditions into visits, satisfaction and return, yet this is the
part of the field that panel studies integrate least well. Andrades-Caldito et al. (2014) showed for Andalusia
that visitors' assessments of infrastructure and service quality shape satisfaction, length of stay and spending,
outcomes supply-side indices predict only indirectly, while motivations condition how visitors read competi-
tiveness, so the same attributes register differently across segments (Ban et al., 2025). A destination competes
not on its attributes as measured, but on how they are perceived. More recently, digital information environ-
ments have added another layer to this demand-side mechanism, as the credibility of online reviews and tour-
ists’ cognitive processing of social-media information can shape sustainable tourism choices (Eminov et al.,
2026).

4.6. Empirical illustration: Competitiveness scores and tourism performance

Table 2 presents the dataset. The twenty-one economies span the top of the 2024 ranking, from the United
States (5.24) to Cyprus (4.37), mean 4.75 (SD 0.28), while performance varies far more widely: arrivals from
3.9 to 100.0 million (mean 32.3 million) and receipts from US$3.2 to US$189.1 billion (mean US$42.7 bil-
lion). Nineteen are high-income economies, mirroring the index's upper tier.

Competitiveness scores and tourism performance of the sampled economies (n = 21) Teble
Economy TTDI 2024 score Arrivals 2023 (million) | Receipts 2023 (US$ billion)

United States 5.24 66.48 189.1
Spain 5.18 85.17 92.2
Japan 5.09 25.07 38.6
France 5.07 100.00 71.2
Australia 5.00 7.19 46.1
Germany 5.00 34.80 374
United Kingdom 4.96 37.22 73.4
Italy 4.90 57.25 55.9
Canada 4.81 18.34 38.5
Portugal 4.78 26.54 27.4
Korea, Rep. 4,74 11.03 15.3
Austria 4.65 30.91 24.7
Netherlands 4.64 20.30 20.7
United Arab Emirates 4.62 28.15 51.9
Sweden 4,57 7.53 9.9

Greece 452 32.74 22.3
Ireland 4.44 6.30 7.5

Brazil 4.41 5.91 6.9

Poland 4.40 18.99 15.0
Tirkiye 4.39 55.16 49.5
Cyprus 4.37 3.85 3.2

Sources: World Economic Forum (2024); UN Tourism (2024)

The association is positive and significant on every metric, but its strength depends on which side of
performance is examined (Table 3). The score correlates moderately with arrivals and markedly more strongly
with receipts, and the bivariate regressions tell the same story: a one-point higher score implies 1.91 log-points
more arrivals but explains only a third of their variation, whereas for receipts the coefficient is 2.74 and the
explained share rises to 0.62. A 0.1-point advantage thus implies roughly 21 per cent more arrivals but about
32 per cent higher receipts (Figure 2).
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Table 3

Association between the TTDI 2024 score and tourism performance (n = 21)

Statistic

log arrivals 2023

log receipts 2023

Pearson r

0.59 (p = 0.005)

0.72 (p < 0.001)

Spearman rho

0.56 (p = 0.009)

0.75 (p < 0.001)

OLS slope on TTDI score 1.91 2.74
t-statistic 3.08 (p = 0.006) 5.60 (p < 0.001)
R? 0.33 0.62
Implied effect of +0.1 score +21% +32%

Note: bivariate OLS of the natural logarithm of each performance measure on the overall TTDI score.

100 A

50 4

20 A

10 4

International tourist arrivals, 2023 (million, log scale)

4.4 4.6 4.8 5.0 5.2
TTDI 2024 overall score

Fig. 2. TTDI 2024 score and international tourist arrivals, 2023 (n = 21; fitted line from the regression of log arrivals on the score).

Tiirkiye’s low score despite high arrivals and Australia’s higher score despite fewer visitors but substantial
receipts suggest that the index better captures tourism value creation than visitor volume, helping reconcile
mixed evidence on its predictive validity (Hiyab et al., 2023).

5. Discussion

The measurement debate is inherently theoretical because weighting choices reflect competing definitions
of competitiveness, making transparent and stress-tested index construction essential (Gémez-Vega & Picazo-
Tadeo, 2019). Competitiveness is also development-dependent: infrastructure and connectivity remain critical
in lower-income destinations, while advanced economies increasingly rely on experience quality, sustainabil-
ity, and digital capabilities (Hanafiah & Ali, 2024; Jayaraman & Makun, 2020), although existing frameworks
still underrepresent demand-side mechanisms linking competitiveness to visits and loyalty (Andrades-Caldito
et al., 2014; Ban et al., 2025).

Future research should integrate supply- and demand-side measures (Mior Shariffuddin et al., 2023), de-
velop dynamic and predictive indices, examine environmental—digital interactions, and employ transparent
hybrid approaches (Lin et al., 2023). These conclusions remain limited by English-language Scopus coverage,
single-author coding, the absence of statistical pooling, and a cross-sectional illustration that indicates associ-
ation rather than causation.

6. Conclusions

Infrastructure, ICT readiness and environmental quality are the most stable drivers of destination competi-
tiveness, though their force depends on a country's level of development. The TTCI remains the common refer-
ence, but its aggregation, equal weighting and uneven predictive power have pushed researchers toward alterna-
tive measures and toward methods that compensate for one another's limits. The demand side still waits to be
written into competitiveness models, even though perceptions and motivations are what turn competitive poten-
tial into performance. The agenda therefore calls for frameworks holding supply and demand together, indices
that are dynamic rather than fixed, and a practice plural in its tools and transparent about its assumptions.
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KOHKYPEHTOCHOCOBHOCTD U IIPUBJIEKATE/IbHOCTb TYPUCTHYECKUX PETMOHOB:
CUCTEMATHUYECKHUHU OB30P MEXAYHAPOJHBIX HCCJIEJOBAHUN

Maxmynos I:x.1.'*, Axmenosa C.D.2, Kazumosa C.T.3, [I:ka6pamsioBa ®.A3
"Munesiuesupcruii cocyoapcemeennvlii ynugepcumem, Azepbaiiodican
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SUncmumym 2eocpaguu Munucmepcmesa nayxku u o6pazosanust Aszepbatiocanckoi Pecnybnuku, Azepbaiioscan
AZ1073, baky, np. I". /]casuoa, 117
*Aemop, omeeuarowuii 3a nepenucky: ceyhun.mahmudov@mdu.edu.az

Pe3tome. KOHKYpEHTOCTIOCOOHOCTD TypH3Ma U IIPUBJIEKATEIEHOCTD TYPHCTCKUX AECTHHAMHN SBIIOTCS KIIFOYEBEIMH (DaKTOpaMH IO3H-
LIMOHUPOBAHUS CTPaH Ha MUPOBOM TyPUCTCKOM PBIHKe. BMecTe ¢ TeM HayuHBbIe HCCIIEA0BAHMS 110 000MM HAIPaBICHUSIM Pa3BHBAIUCh OBICT-
PBIMU M HEpaBHOMEPHBIMHU TeMIlaMH. B cratbe paccmarpuBatorcst 109 10KyMEHTOB, HHACKCHPYEMBIX B 0a3e JaHHBIX SCOpUS U OITyOIUKO-
BaHHBIX B iepron ¢ 2003 o 2026 roa, ¢ 00beIMHEHNEM KOJIMYECTBEHHON XapaKTepUCTUKU HAyYHO! JIUTepaTyphl M TEMAaTHUECKOTO CHHTE3a.
HccnenoBarensckuii kopiyc pesko pacmmpuiics nocie 2015 rona u xapakrepusyercs BBIpaKeHHON CTPYKTYpHOI HeCOanaHCHPOBAaHHOCTBIO:
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HCCIIeIOBAaHMS, TTOCBSIIEHHBIE H3MEPEHHIO U KOHIENTYaIbHEIM ocHOBaM (33,0%), a Taroke onpenersiroriM ¢axropam (32,1%), 3aHIMaroT
JIOMHIHHpYIOIIEe TOJOKeHIE; Ha aHAJIMTHYECKHe MeToIb! puxoautcs 24,8%, Toraa Kak Ha HCCIEIOBAHUS BOCHPHUSTHS CO CTOPOHBI
crpoca — stk 10,1%. MHIeKe KOHKYpPEHTOCTIOCOOHOCTH Iy TEIECTBUIM U TypU3Ma OCTa&TCs OCHOBHBIM CPaBHUTEIbHBIM OPHEHTHU-
pom. OIHaKO HCTIOIb30BAHUE PABHBIX BECOB MOKa3aTellel, BRICOKUE TPEOOBAHNUS K JaHHBIM U HEOAHOPOJHAs IPOTHOCTUUECKAs Ba-
JHJHOCTH JAHHOTO MHJEKca CIIOCOOCTBOBAIIH MEPEXOAY K aJbTepHATUBHBIM U THOPUAHBIM MeToAaM oueHku. Hu oauH mMeTon He 3a-
HUMaeT JOMHHHUPYIOLIETO MOJIOXKEHUs: aHaiIu3 cpensl pynkunonuposanus (DEA), TOPSIS, moaenupoBanue myTeil METOIOM YacTHY-
HBIX HauMeHbIINX kBaapaToB (PLS) u B3BemmBaHMe Ha OCHOBE TEOPUH MI'P B3aNMHO KOMIICHCHPYIOT HEIOCTATKH JpyT Apyra. 1H-
(dpacTpykTypa, ypOBEeHb TOTOBHOCTH K HCIIOIB30BaHHUIO HH(POPMAIOHHO-KOMMYHHKAIIMOHHBIX TEXHOJIOTUH M KadecTBO OKPYIKalo-
et cpesbl BRICTYIIAIOT HanOoJIee yCTONYMBEIMY ONPEACISIONIMME (haKTopaMu, BIMSHAE KOTOPBIX 3aBUCUT OT YPOBHS 10X00B. M-
JIIOCTPATUBHBIM aHaIIN3, OCHOBAHHBIN Ha conocTraBieHuU MHaekca pa3BuTus myTeniecTBUi U Typusma 3a 2024 rox ¢ nanaeimu OOH
Typusm o 21 Bexymiei TypuCTCKON IECTUHALINH, BEIIBIII YMEPEHHYIO KOPPEILHUIO ¢ KOJIWIECTBOM TYPHCTCKHX MpuobITHii (r = 0,59)
1 0oJjiee CHIIBHYIO KOPPEJLIHUIO ¢ JOX0AaMH OT TypusMa (r = 0,72). DTO CBUAETENBCTBYET O TOM, UYTO H3MepsieMas KOHKYpPEHTOCHO-
CcOOHOCTD B OOJIBILICH CTENICHH CBSI3aHa C SKOHOMHYECKOH [IEHHOCTBIO TYPH3Ma, YeM C €r0 00BEMOM.

Kniouesvie cnosa: KonKypenmocnocobHoCms mypusma, npueieKameibHoCms mypucmuieckux 0eCmuHayuil, cucmemamuieckul
0030p Tumepamypbl, KOMNIEKCHblE HOKA3AMeNlY, pe3yibmMamueHOCHb Mypusmd

TURIZM REGIONLARININ ROQABOTQABILiYYOTLILiYi VO COLBEDICILIiYI:
BEYNOLXALQ TODQIQATLARIN SISTEMATIK iCMALI

Mahmudov C.I."*, Dhmoadova S.E.2, Kazimova S.T.3, Cobrayilova F.A3
'Mingagevir Doviat Universiteti, Azorbaycan
AZ4500, Mingagevir, D. Oliyeva kiig. 21
2Naxgivan Déviat Universiteti, Azarbaycan
AZ7012, Naxgivan, Universitet saharciyi
34zarbaycan Respublikasi Elm va Tahsil Nazirliyi, Cografiva Institutu, Azarbaycan
AZ1073, Baki, H. Cavid pr. 117
*Masul miiollif: ceyhun.mahmudov@mdu.edu.az

Xiilasa. Turizmin ragabstqgabiliyyatliliyi vo turizm destinasiyalarinin calbediciliyi 6lkolorin gqlobal turizm bazarinda mévgelorini
miloyyonlogdirmasindo asas amillordir. Bununla bels, har iki istigamot tizro elmi tadqiqatlar siiratlo vo geyri-borabor sokilds inkisaf
etmisdir. Magalodo 2003-2026-c1 illar arzinds dorc edilmis va Scopus bazasinda indekslogdirilmis 109 sanad nozordan kegirilmis, elmi
odobiyyatin komiyyot xarakteristikasi tematik sintezlo birlogdirilmisdir. Todqigat korpusu 2015-ci ildan sonra kaskin sokildo genis-
lonmis va nazaragarpacaq daracads geyri-barabar struktur niimayis etdirmisdir: 6lgma vo konseptual gargivalor (33,0%) vo miisyyan-
edici amillor (32,1%) ustiinliik togkil etmis, analitik metodlarin pay1 24,8%, talob torofinin qavrayigma dair todgigatlarin pay1 iso comi
10,1% olmusdur. Sayahat vo Turizmin Ragabatqabiliyystliliyi indeksi osas miiqayiso meyari olaraq qalir. Lakin bu indeksdo géstori-
cilors barabar ¢oki verilmasi, molumatlara yiiksok tolobat vo prognozlasdirma etibarliliginin qeyri-borabor olmasi todgigat sahosini
alternativ vo hibrid giymotlondirms iisullarina yonoltmisdir. He¢ bir metod iistiin mévqe tutmur: verilonlorin ohats tohlili (DEA),
TOPSIS, gisman on kigik kvadratlar osasinda yol modellogdirilmoasi (PLS) vo oyun nazariyyasine osaslanan ¢okilondirms metodlari
bir-birinin zaif toraflorini kompensasiya edir. Infrastruktur, informasiya vo kommunikasiya texnologiyalarina hazirliq saviyyasi vo otraf
miihitin keyfiyyati on sabit miioyyanedici amillordir vo onlarin tasiri galir saviyyssindan asili olaraq doyisir. 2024-cii il Sayahot vo
Turizmin Inkisafi Indeksinin 21 aparic1 turizm destinasiyasi iizro BMT Turizminin molumatlari ilo uygunlasdirilmasi osasinda aparilan
niimunavi tohlil turist galislorinin say1 ilo orta soviyysli korrelyasiya (r = 0,59), turizm golirlori ilo iso daha giiclii korrelyasiya (r =
0,72) askar etmisdir. Bu, dl¢iilon rogabostgabiliyyatliliyin turizmin hacmindon daha ¢ox onun yaratdig1 iqtisadi dayarls slagsli oldugunu
gostarir.

Agar sozlar: turizmin ragabat gabiliyyati, turizm destinasiyalarmmin calbediciliyi, adabiyyatin sistematik icmali, kompleks
gostaricilar, turizm faaliyyatinin naticalari
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